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Abstract: One can view a 2-parameter Brownian sheet {W(s,t);s,t > 0} as
a stream of interacting Brownian motions {W (s, e);s > 0}. Given this view-
point, we aim to continue the analysis of [20] on the local times of the stream
W (s, ®) near time s = 0. Our main result is a kind of maximal inequality that,
in particular, verifies the following conjecture of [10]: As s — 0%, the local
times of W (s, ) explode almost surely. Two other applications of this maximal
inequality are presented, one to a capacity estimate in classical Wiener space,
and one to a uniform ratio ergodic theorem in Wiener space. The latter readily
implies a quasi-sure ergodic theorem. We also present a sharp Hélder condition
for the local times of the mentioned Brownian streams that refines earlier results
of [14, 18, 20].

Résumé: Le drap brownien {W (s, t);s,t > 0} & deux parametres peut étre
vu comme une famille de mouvements browniens {W(s,e);s > 0}. Nous nous
proposons de poursuivre 'analyse de [20] sur les temps locaux de la famille
W (s, ) au voisinage de s = 0. Notre résultat principal est une inégalité du type
maximale, qui, en particulier, prouve la conjecture suivante de [10]: lorsque
s — 07, il y a une explosion presque stire du temps local de W (s, ). Deux
autres applications de cette inégalité sont présentées : une estimation de capacité
dans I'espace de Wiener, et un théoreme ergodique dans I’espace de Wiener. Ce
dernier implique en fait un théoreme ergodique au sens quasi-stir. Nous obtenons
également une estimation précise de la continuité héldérienne du temps local de
W (s,e), ce qui raffine des résultats antérieurs de [14, 18, 20].
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1 Introduction

Let W = {W(s,t); s,t > 0} denote standard 2-parameter Brownian sheet, and
write W(t) and W(s,t) interchangeably. One of the many natural ways to
think about the process W is as a stream {W;; s > 0} of interacting Brown-
ian motions, where the interaction is in some sense governed by the temporal
structure of the stochastic wave equation.

In this paper we are interested in the properties of the local times of the
stream W, at 0. Let us write {L$(X); a € R,t > 0} for the local times of
process X if a measurable version of such local times exists. Formally, this
means

t
LX) :/O 52(X (s)) ds, GER, t>0,

where §, denotes Dirac’s delta function at @ € R. Summarily, we are interested
in the properties of the process u — L9(W,) where ¢t > 0 is fixed. These local
times are also called the local times along lines of W, and arise quite naturally
in the analysis of Brownian sheet.

A notable application of local times along lines arises in the analysis of [10].
Therein, local time methods are devised that show that if N(h) denotes the
number of excursions of W in [0,1]? that have height greater than h > 0, then
with probability one, N'(h) = h=3t°(1) as h — 0%, where o(e) is Landau’s “little
o” notation.

[10] contains two open problems pertaining to the latter result and its deriva-
tion. The first is to identify the “little 0” term above, and has recently been
solved by T. S. Mountford (1999, personal communications). Indeed, Mount-
ford has invented a novel method that shows that a.s., N(h) = Ah=3(1 + o(1)),
where A is a random variable which is defined in terms of the local times along
lines u — LY (W,).

The second open problem in [10] is whether or not with probability one,
lim, o+ LY(W,) = 4o0o. Our goal, in this paper, is to answer this in the
affirmative. As pointed out in [10], the difficulty here is in proving pointwise
convergence. In fact, scaling considerations show that u'/2L{(W,,) has the same
distribution as L{(W;), which is Brownian local time. Consequently, as u —
oo, LY(W,) blows up in probability. Thus, the mentioned explosion problem
amounts to the “strong law” corresponding to this weak limit theorem. Viewed
as such, it should not be a great surprise that a sufficiently sharp maximal
inequality is in order. This turns out to be the case, and we will indeed show
the following:

1
. 0 _ -
IOgP{1%222L1(Wu)<h} < 5 (1.1)

i su loglog(1/h)
fHo+p log(1/h)

where here and throughout, log denotes the natural logarithm. The above will
appear in Theorem 3.3 below and has a number of interesting consequences one
of which is the pointwise explosion of local times along lines mentioned earlier
(Theorem 3.1). It also implies large-time decay for the very same local times



(Theorem 3.2). The maximal inequality (1.1) also implies a capacity estimate
in Wiener space (Corollary 4.2), as well as a uniform ratio ergodic theorem for
Brownian motion in Wiener space that we describe in Theorem 4.3 below. Fi-
nally, let us mention that such a maximal inequality has geometric consequences
for two-parameter random walks. We hope to treat this subject at a later time.
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2 Local Times

In this section we describe some of the basic properties of local times along lines.
While some of this material is known, we will also present a new and nontrivial
modulus of continuity for these local times, viewed as a function of the line in
question.

Recall that by Tanaka’s formula,

(Wu(t) = al = [a| + M (W) + uLg (W), (2.1)

where

M (Wy,) :/0 sgn(Wy(s) — a) Wy (ds)

is an It6 integral, viewed as a process in ¢ > 0. In equation (2.1), the extra u in
front of LE(W,,) accounts for the quadratic variation of W, which is ut at time
t. Thus, with this extra multiplicative factor of u we have the usual occupation
density formula: For all bounded Borel functions f : R — R,

[ rovasnas= [ " H@)LE(W) da. (2.2)
0 —00

So far, the parameter u has been fixed, and the above follows from the existing
theory of Brownian motion; cf. [19, Chapter 6, Section 2] for a pedagogic
treatment. Moreover, as a function of u, L§(W,,) is the local times of Brownian
sheet at level a along the line {u} x [0,¢]. It is this process that will concern us
henceforth.

According to [20], (a,t,u) — L§(W,) can be chosen to be continuous on
R x [0,00) x (0,00). Moreover, u +— L§(W,,) is Holder continuous of any order
< i. In order to better understand the structure of local times along lines, we
begin our analysis with an improvement of this continuity result that we believe
is sharp. Namely, in this section we will prove the following:



Theorem 2.1 IfT > 1 is fixed, then with probability one,

imsup —sup /1 2 = sup L7 (W)
5—0+ 1§11,v‘§<§- {2610g(1/8)} "™ - {log(1/6)} u€[1,T]

|u

To study the regularity of u — L?(W,), we begin by refining the analysis
of [20], and closely examine the quadratic variation of ¢ — MP(W,) — MP(W,),
when u ~ v.

Lemma 2.2 For each 0 < u < v and for all t > 0,

(M°(W,,) = M°(W,)), < 8uos<ugt [Wo(r) = Wau(r)| x sup LE(Wy) + t(v — u),

where the supremum is taken over all 0 < a < supg<, <, (W (r) — Wau(r)].

Remark 2.3 Among other things, the previous lemma, and the modulus of
continuity of W, together show that if u &~ v, then (M°(W,,) — M°(W,)); < |u—
v|%+°(1). We believe this to be sharp. This was also noticed by an anonymous
referee. 0

Proof A few lines of calculation show that

(MO(W,,) — M°(W,)),

=1t(v—u) +4u/0t {W,(r) <0,W,(r) >0} dr+

t
—|—4u/ L{Wo(r) > 0, W, (r) < 0} dr
0
=t(v —u) + 4uTy + 4uTy,

notation being obvious. Since 0 < u < v, owing to the occupation density
formula, we can write

T, = /t 100 < Wi (r) < —(W, — W) ()} dr
0

g/ 1{0 < Wy(r) < sup |Wy(s) — Wy(s)|}dr
0

0<s<t
m
= / L (W) da,
0

where m = supg< <, |Wy(s) — Wy(s)|. Similarly,

0

Tlg/tl{—m<Wu(r)<0}dr=/ L (W) da.
0 m



We combine these estimates for 77 and T and use the occupation density for-
mula to finish. O

The argument used to prove Theorem 2.1 will be described shortly. However,
we mention in passing that using similar methods, one can deduce the following
“local” result whose proof is omitted.

Theorem 2.4 For any fited T > 1 and for all fized u € [1,T], with probability
one,

1. 2808) — 40w, -
imsup sup / 7z < <4\ LY(W).
§—0t  well,T): {2610glog 1/6) } -{ loglog(1/4)}

[lv—u|<

Remark 2.5 Originally, we stated and proved a weaker version of Theorem 2.1
that is now equation (2.3) below. The present improvement owes its existence
to an argument devised by an anonymous referee. a

We end this section by proving Theorem 2.1, using the exponential martin-
gale ideas of [15].

Proof of Theorem 2.1 We first prove the following weaker bound: For any
T,T" > 1, the following holds with probability one:

. LY (W) — LY(W5)|
limsup sup su / 7
§—0t well,77] 1)6 1 T {2610g ]_/(5 } {1 og 1/5)} (23)

< AT AT supyeps g S (Wa).

We will prove this for T = T’ = 2; this is not a great loss in generality, and
simplifies some of the notation in our exposition.
Throughout this proof, we define the modulus of continuity,

pe = sup  sup |Wy(r) — Wy(r)|. (24)
u,ve([1,2]: 0<r<1
|lu—v|<e

With regards to this modulus, we introduce two events. First, for any ¢ > 1
and € > 0, we define

O = {w: Yo & (0,2), 1, < c/20108(1/0)}

By the proof of the uniform version of the law of the iterated logarithm of [13],

Y p {@E,q_n} <oo,  Veq> 1. (2.5)



As for our second event, we define for all £,6 € (0,1),

Bes = {w: sup  sup |L{(W.) — L{(W.)] <5}. (2.6)

0<a<pus 1<u<2

By combining the moment estimate of [14, Proposition 4.2]—or alternatively,
Lemma 3.12 below—with equation (2.5) above,

3P {qu,n} <00, Vee(0,1), q> 1. (2.7)

Having disposed of the needed preliminaries, we begin our proof by fixing u,v €
[1,2], writing § = |u — v|, and defining

NP = MY(W,) - MO(W,),  t>0.

Note that N*" is a martingale with respect to its own natural filtration. More-
over, by Lemma 2.2,

(N*“")y < 16¢Ly(e)y/2d1log(1/9) + dt, on E; 5 U O, 5, (2.8)
where Lj(e) = € + sup,¢[ 9 LY(W,). Now for any a, 3 > 0,

P {N:’” > [a+ BL; (e)] 64 1og®/* <§) +¢s and E. 5 U @C,g}

1 1
= P{Nt“’“ — 167v¢y [ 26 log <5>L§(5) — 48t > adt/*log®/t (E) and

Ee,é U @c,é } ;

v = B(16ev2) 167 10g!/4(1/9),
= Bt63/410g'/*(1/6)
o 16¢v/2 .

where

Therefore, by (2.8)
P {Ng“’ > [a+ 8L (£)] 64 1log®* (5) +¢s and 2.5 U O, 5}
. 1
<P {Nt“’” —y(N"")y > ag'/*log™! (5) }

=P {5;’ > exp {204761/4 10g3/4 <%>} } ,

where &/ is the mean 1 exponential martingale

1
& = exp 2N = SEVAN L e,



By Chebyshev’s inequality, for any y > 0, P{&; >y} < y~!. Consequently, for
all u,v € [1,2] such that |u —v| <4,

P {N:’” > [a + BL; (e)]6Y/* 1og®/* (%) +¢sand Z. 5 U 90,5}

con(-2Z (1)), o

The remainder of our proof is a standard application of equation (2.5) and
chaining; cf. [15] for references and some of the details in relation to Lévy’s
original chaining argument for the samples of Brownian motion. The upshot of
this chaining argument, used in conjunction with equations (2.5) and (2.7), is
that with probability one,

< a+BLI), (2.10)

limsup sup ‘Nt—uv|
50t wwel1,2): 01/410g>/*(1/6)
lu—v|<o

for all a, B, > 0, as long as q" times the right-hand side of equation (2.9)
sums along § = q~" for any fixed q > 1.* This means that o8 > 8c¢v/2, and
as a result, equation (2.10) holds a.s. for all rational a, 8 > 0 and ¢ > 1
such that a8 > 8c¢v/2. The optimal choice is obtained upon choosing ¢ > 1,
B = 8c¢v2a!, and a sequence of rational a’s larger than, but arbitrarily close
to {8c¢v2L7()}'/2. Finally, we let ¢ | 1 along a rational sequence. In this way,
we derive the following almost sure statement:

limsup sup &
5—0+ wwel12]: 61/41og¥*(1/5)
lu—v|<o

<4-2Y4 /2L (e). (2.11)

On the other hand, u — W, (r) is Holder continuous of any order < %, uniformly
in r € [0,1]; see [22] for instance. Consequently, (2.3) follows from (2.11) and
(2.1) after taking € — 0 along a rational sequence.

Now we conclude our argument by proving that (2.3) implies the theorem.
[This part is the referee’s argument that we reproduce here with his/her per-
mission.]

Choose and hold fixed some small € > 0, and consider the intervals

L,=I5=[1+e)" ", (1+e)"], Vn=12,....

Clearly, [1,T]? is covered by rectangles of the form I,, x I,,, where 1 < n,m <
N(e), and

N(e) =1+ { loz T J

log(1+¢)

4This uses the obvious fact that (5 = o(81/4log®/*(1/6)), as § — 0.



This and symmetry considerations together imply that for all 6 > 0,

sup |LY(Wy) — LY(W, )‘
u,v€[1,T]

lo—ul<s (2.12)
< max sup sup |L(1)(Wu) - L?(Wv)|.
1<n<m<N(e) u€l,, vEILy:
lv—u|<8

On the other hand, since I,, = (1 + &)" 'I; and (1 + &) "™, = Ly—pni1,
Brownian scaling shows us that for any fixed 1 <n <m < N(e),

sup  sup |L — LYW, )‘
u€ly,, veElny:
[lv—u|<d
@ (1+e)~=/2 sup sup |LO — LY(W,)],
1L€H,n_n+1 vely:

|[v—u|<8(14e)" 1

d . . . . e .
where @ denotes equality of finite-dimensional distributions as processes in

u € [1,T]. Thus, we can apply (2.3) with T" (respectively T") replaced by (1+¢)
(respectively (1+¢)™~"*+1) to deduce that for any e > 0 and 1 <n < m < N(e),
almost surely,

. |LY(W) — LYW,
limsup sup sup / 1/2
50+ u€lny o veHn {2510g 1/4) } -{log(1/4)} /

<4(1+ 6)7(7171)/ SEPT] LY(W,,)
ue|l,

<4 [ sup LI(W,).
w€[1,T]

[More precisely, the above follows from the argument that led to (2.3).] The
theorem follows from this and equation (2.12). O

3 An Explosion Theorem

In this section we intend to demonstrate the following blowup result for local
times along lines.

Theorem 3.1 (Explosion Theorem) With probability one,

1
lim ————log LY(W}) = =.
hoo+ To (1/h) og Li(Wh) = 5

In particular, limy,_,o+ LY(W},) = +oo, almost surely.



There is a companion result to Theorem 3.1 that states that if we look at
lines far away from the axis, the local time at 0 is very small almost surely. In
fact, we have the following

Theorem 3.2 With probability one,

li L
et log h

1
log LY (Wy) = 5

In particular, limy, o LY(W}) = 0, almost surely.

Theorem 3.2 follows from Theorem 3.1 and time-inversion; we omit the ele-
mentary details.

Stated somewhat informally, Theorem 3.1 states that the local time along
lines at 0 explodes with probability one as we consider lines that are closer to the
axes. (The stress being on “with probability one,” for explosion in probability
follows trivially from scaling considerations). Moreover, the rate of explosion
is h~/2 upto terms that are negligible at the logarithmic scale. As is the case
in many delicate limit theorems of probability and analysis, we prove this by
verifying an upper and a lower bound, respectively. While each bound relies on a
probability estimate, the important half is derived from the following “maximal
inequality,” whose proof requires most of the work toward deriving Theorem
3.1.

Theorem 3.3 For all v € (0,%), there exists hg > 0, such that for every
h € (Oa hO);

p{ int 100%) <h b <o (- 20,

~loglog(1/h)

Remark 3.4 We conjecture that Theorem 3.3 is nearly sharp. This issue is
discussed further in item 2 of Section 5 below. O

Note that Theorem 3.3 is a reformulation of equation (1.1). Moreover, it has
other consequences, one of which is the following large-time asymptotic result.

Corollary 3.5 For any n € (0,1), with probability one,

lim t=7 inf LY(W,) = +oc.
t—o0 uw€[1,2]

One can easily construct a proof for this by following our derivation of The-
orem 3.1 below. It is also worth pointing out that there are variants of Theorem
3.3 that are different in form as well as in derivation. Let us mention one such
possibility.

Theorem 3.6 If j; denotes the smallest positive zero of the Bessel function Jy,

lim h%logP{ inf LY(W,) < hpy = —252.
g 1P { it sop %) <0 = 2



Our proof of Theorem 3.3 is somewhat long and is divided into several parts.
We begin our demonstration by introducing a sequence of numbers that go to
0 a little faster than exponentially. Namely, we first hold fixed a nondecreasing
sequence @1, o, . .., to be determined later, such that limy_, ., @5 = +oo. Then,
we define

ty =0 %, Vk>1 (3.1)

(It will turn out later on in the proof that ®;, = ck for an approrpriate con-
stant ¢. Thus, ¢, ~ exp{—klogk}, which indeed vanishes a little faster than
exponentially.)
Before discussing things further, let us record the following elementary esti-
mate on the asymptotics of the relative gap sizes in the sequence {¢;};>1:
tr—
o< 2L wE>2 (3.2)
t
Next, we consider the following collection of measurable events: For all € > 0
and all n > 2, define

Ape = {w: sup [ Wi ()] < EW} (3:3)

1<u<2

It turns out that for large n, Ay, ¢, ..., Aan  all happen simultaneously, and with
overwhelmingly large probability. To be more precise, we have the following:

Lemma 3.7 For alln > 2,

2n 52
C
P jL:Jn Aj . ¢ <dnexp (—E@n> .

Proof By Brownian scaling, supg<, <o |Wu(t)| has the same distribution as
V2t supg<, <1 [Wu(1)[. Thus,

0<u<l1

2n 2n
g t'_l
P ALV <STP! osup (D) > — [
Uniep=x { p W) 2 55\ /%

3
<(n+1)Pq sup |[W,(1 >—<I>}/2}.
<t 0P { s W01 55

The lemma follows from standard Gaussian tail estimates, used in conjunction
with two successive applications of the reflection principle, since u +— W, (1) is
a Brownian motion. a

Our next goal is to obtain uniform upcrossing estimates for Brownian sheet.
To this end, we first hold fixed some £ > 0 and define a set of indicator variables
Iye,I3.,... as follows: For all k& > 2, define I . to be 1 if for all u € [1,2],
the random map ¢ — W, (¢) upcrosses or downcrosses [—e+/tx_1,€+/Tx—1] while

10



t € [tk, %(915;c + tr—1)]; otherwise, we set I = 0. We make the obvious
but necessary remark that %(th +itg—1) is 1—10 of the way between t; and tp_1,
although the proportion % could be replaced by any a € (0, 1) that is sufficiently
small (how small comes out of our arguments). To understand these I .’s, we
start with a warmup lemma. While it is too simple to be of fundamental use to
our analysis, its proof is indicative of the nature of things to come.

Lemma 3.8 For every ¢ > 0, ¢o(e) = lim,—oo E{I, ¢} exists and is nonin-
creasing, and lim,_ o+ 1o(e) = 1.

Proof By scaling, E{I,, .} is the probability that for every u € [1,2], the map
t — W, (t) upcrosses or downcrosses [—¢, +¢] while

t, 1

te + 9 tn
th_1 10 10t,_1 |

By (3.2) and the assumed fact that limy_,., ® = +00, this interval converges,
as n — oo, to [O, %} Having mentioned this, only a few simple lines suffice to
verify that as n — oo, E{I, .} converges to the probability 1 (¢) that for all u €
[1,2], the map t — W, (t) upcrosses or downcrosses [—¢, +¢] some time in [0, 1—10]
(this uses continuity of Brownian sheet). Since v is clearly nonincreasing, it
remains to show that lim._,g+ 1o (e) exists and equals 1. Existence, of course,
is a consequence of monotonicity. In fact, lim,_ o+ 1o(e) is at least

P {Vu €[1,2], lim Wu(®) — lim Wa(?) 1},
t—0+t

t—0+ | /2ut loglog(1/t) - v/ 2utloglog(1/t) -

which is one thanks to the law of the iterated logarithm of [24]; cf. also [21].
[22] presents an elegant proof of this fact, together with related facts on the
propagation of singularities of the sheet. O

Now we strive to show that with overwhelming probability, nearly all of the
random variables {I;.; n < j < 2n} are one as long as n is large and ¢ is small.

To do this, we start with an elementary large deviations bound.

Lemma 3.9 Suppose Ji, Ja, ... are {0, 1}-valued random variables that are adapted
to a filtration F1, Fo, ... and satisfy the following for some n > 0:

E{Jy | Fx—1} =n,  Vk>2.

Then, for all A € (0,n) and alln > 1,

P ;Jigm §exp<—2—n(n—)\) >

11



Proof This is based on the familiar fact that M;, M, ... is a supermartingale,
where

2
Mk—exp<—£5'k+k'77[£—%}>, k>2,
Sy =J1+ -+ Jk, and xi > 0 is an arbitrary constant. Indeed,
E{e % | F,_1} = e %51 E{e_g‘]" .7:"_1}
=e St [1- (1= e )E{Jn | Far}]
<e S [1-(1—e ).

Since forally > 0,1 —y<e ¥ <1-—y+ %yQ, we have found the announced
supermartingale M. Moreover,

E{e %"} <exp <—77n [5 - %D :

By Chebyshev’s inequality, for all A € (0,7),

P{S, < An} <exp (—n [g(n —A) — %QD , VE>0.

The lemma follows from making the optimal choice of £ = (n — X) /7. O

We would like to apply the above to J; = Inyi—1 (1 =1,...,n+1). How-
ever, a number of technical problems arise, all involving independence issues. To
avoid them, we define auxiliary random variable J> ., J3 ¢, ... that are a modi-
fied version of I ., I3.,... as follows: For each k > 2, we let J . to be 1 if for
all u € [1,2], the random map ¢ — W, (t) — W, (tx) upcrosses or downcrosses
(=2 /T, +32\/Te—1] while t € [ty, 35 (9t + tp—1)]. Recalling (3.3), we have
the following.

Lemma 3.10 For any n > 2, e >0, and for every w € O?QHA]»,E,
Ijvf(w) Z Jj75(w)7 vj =MN,..., 2n.

Furthermore,
lim E{J, .} =¢(e), Ve >0,

where ¥ is nonincreasing, and lim,_, o+ ¥(g) = 1.

Proof The first part is a direct consequence of the triangle inequality. For
example, if W, (t) — Wy (tx) < —%Em , by the triangle inequality, W, (t) <
—ev/Ti—1, as long as W, (tx) < %5\/%——1, a fact that holds on Ay .. The second
part is proved ezxactly as Lemma 3.8 was. a

Now the J’s are independent from one another and we can apply Lemma
3.9 to them in order to present the following uniform up/downcrossing result.
Roughly speaking, it states that with overwhelming probability, nearly all of
the variables I, ¢, ..., Ionc are equal to one as long as € (n) is chosen to be
small (large).

12



Proposition 3.11 For all § € (0,1), there exists ng > 2 and g9 > 0, such that
for all n > ng, € € (0,e9), and ¢ € (6,1),

2n _ 82 2
P ;IM <(1—=¢)np <exp (—%) + 4nexp (_61(16)”> .

Proof By Lemmas 3.7 and 3.10,

3 3 e2d
P ;Ij,e <(1=Qng <P Jie < (1-Cn g +4nexp (_ 16n) |

Jj=n

The second portion of Lemma 3.10 assures us that lim, g+ lim,, oo E{Jpc} = 1.
In particular, by choosing ng (go) large enough (small enough), we can ensure
that for all m > ng and alle € (0,eq), E{In ¢} > 1—4. Since 1 is nonincreasing,
no depends on €y but not on the value of € € (0, &), and the announced result
follows from Lemma 3.9. a

We will also need an estimate for the modulus of continuity of u +— L9(W,,)
although we will not require anything as delicate as the results of Section 2. In
fact, the following moment estimate suffices; it can be proved by combining the
LP?(P)-estimates of [20, line —6, p. 53], together with Kolmogorov’s continuity
theorem ([19, p. 18]), and the Burkholder-Davis—Gundy inequality ([19, p.
151]). The details of this derivation, and more, can be found in [14, proof of
Proposition 4.2].

Lemma 3.12 There exists a positive and finite constant C' > 0 such that for
allp>1,¢ec¢€ (O,%), and T > 0,

sup sup  sup |L?(Wu) - L?(Wv)‘ < C(p!)l/p T/? {510g(1/5)}1/4.
a€R 0<t<T w,ve(l,2]:
lu—v|<e Lr(P)

Remark In the literature, the more cumbersome C(p!)'/? is usually replaced
by an asymptotically equivalent term of form O(p). However, this formulation
is more convenient for our needs. g

Our next lemma is a technical result about the ordinary Brownian motion
t — W, (t), where u € [1,2] is held fixed. It is a useful way to quantify the idea
that whenever Brownian motion hits zero often, then it generates a very large

amount of local time with overwhelming probability.

Lemma 3.13 Consider the event

2n
Y.=Sw: > L.>1-Qnp, ¥n>2 >0, (€(0,1)
j=n
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Then, for all 6 € (0,1), there exists n1 > ng > 2 and €9 > 0 such that for all
n > ni, and for each ¢ € (§,1) and h € (0,1),

0 ¢ h 1-QOn
sup PLy(Wy) <h, Y5 g( ) .
u€ll,2] { 1(Wa) ' } Vian

Remarks (1) It is possible to prove a slightly better estimate by using large
deviations. However, we will not require a very sharp inequality for this esti-
mate, and the simpler argument used in the proof below suffices. Our argument
is inspired by some of the ideas of [17].

(2) The constants g9 and ng are given to us by Proposition 3.11. O

Proof Throughout this proof, u € [1,2] and n > ng are held fixed. With this
in mind, define

1
7710
W () :o}.

Su(1) = sup{n <j<2n|3dre [t

(9t; +tj—1)| 2 Wu(r)= 0},

Tu(1) = inf{r > ton

As usual, inf @ = +o0, and sup @ = 0. Of course, Ty, (1) is a stopping time with
respect to the natural filtration of the Brownian motion W,. Having define
(Su(k), Tu(k)) (k> 1), we inductively define (S, (k+1),T,(k+ 1)) as:

10
Tu(k + 1) = inf {7“ > Sy (k) ‘ W, (r) = o}.

Su(k+1) = Sup{n < j < Su(k) ‘ Ir e [t (9t +tj_1)} L Wa(r) = 0},

It is not too difficult to verify that T3,(1), T, (2),... are all stopping times with
respect to the natural filtration of W, and that the cardinality of {k: T, (k) <
oo} is greater than or equal to Z?Zn I . for any € > 0. (This is due to the fact
that whenever W,, upcrosses or downcrosses [—ex, +ez| for some x > 0, then by
continuity, W, hits a zero somewhere in the up- or downcrossing interval: i.e.,
Rolle’s theorem of calculus). For all k such that T,,(k) < co define
0 0
Ak = Lig, g, (W) = Lis (W),
otherwise, Ay = +00. Note that Axi1 < oo implies that A < co. Moreover,
since t — L?(W,,) grows only when W, is at the origin,
0 0

A = LtSu(k)—l(Wu) — LTu(k)(VVu)7 on {A < o0}
Therefore, by the strong Markov property, A1, As, ... are independent although
they are not identically distributed. Let us temporarily concentrate on A, for

14



simplicity. On {A; < oo}, A; is the amount of local time of the process W, at
0 accrued in the left-most interval of type

1
Tr = tk,l—o(gtk-l—tk,l) R ke{n,...,2n}.

Define 3 = %to,(®2, — 1), and note that thanks to (3.2), on {A; < oo},

1
ts,(1)—1 — Tu(l) > tg,(1)-1 — E(9tsu(1) +ts.(1y-1) > B

Thus, by Brownian scaling and the strong Markov property applied at the stop-
ping time T, (1), A11{a, <0} is stochastically larger than L%(VVH). The latter

has, in turn, the same distribution as 3%/2|W,(1)|, thanks to Lévy’s theorem.
Thus, another application of scaling yields the following.

h

UL ton(Pay — 1)

20
<, ,/—mmmh.
- \/97rut2n(<1>2n -1)

Since u € [1,2] and lim,,_,o P2, = 400, there exists n; > ng so large that for
all n > nq,

P{A; <h} <P Wi (1) <

20 < 97 (P, — 1).

Since u € [1,2], for all n > nq,

P{A; < h} < (34)

h
vV ton .
We have already seen that the cardinality of {k : A < oo} is at least Z?Zn Lo
Thus, on T§ _ , the cardinality of {k : Ay < oo} is at least (1 — ()n. By (3.4)
and its obvious extension to A; (j > 2), and using the independence of A’s, we
can apply induction to deduce the lemma. a

We are ready to present the following.
Proof of Theorem 3.3 Consider the following finite subset of (0,1):
Q,(h) = {jh?: 0<j<h?}, h € (0,1),

where ¢ > 1 is fixed. Of course, the cardinality of Q,(h) is no more than 2h—2
and it has the property that for any = € [0, 1], there exists y € Q,(h) such that
|z — y| < he. Therefore, we can begin our bounds by approximating [0, 1] with
the elements of Q,(h). Indeed, for any p > 1, Lemma 3.12 assures us of the

15



veracity of the following.

P! inf LY(W,)<hpy <P min LYW,) < 2h
1<u<2 u€Q,(h)

+P ¢ sup  |LY(Wy) — LY(Wy)| > h
u,v€[l,2]:
|lu—v|<h?

<P in LYW,) < 2h
- {uEHQHQI%h) 1( u) }

1
+CPp! KP4 ogP/t (H)
=P +P,. (3.5)

While P; is explicit enough, we need to bound P; which is done as follows: By
Proposition 3.11, and using the notation there, for all n > ng and all ¢ € (6,1),

52 2
P < P +exp (—né%l _535)> + 4nexp (— 501(2)") ) (3.6)

where

u€Q,(h) E0

We recall that the above display holds for all » € (0,1) and all n > ng. We also
recall that €9 and ng depend only on 4. On the other hand, by picking n even
larger (in fact, if n > n;), Lemma 3.13 guarantees us that

2h )(1—4)"
vV th

since the cardinality of Q,(h) is no more than 2h~¢. Now we combine equations
(3.5), (3.6), and (3.7) to obtain an upper bound for the distribution function

P{infi<y<2 LY(W,) < h}. To make it useful, we now choose the parameters
involved carefully so that for the ~ of the statement of the theorem,

_ (-9
v = 21— 0) (3.8)
That is, pick § > 0 so small and ¢ € (4,1) so large that equation (3.8) holds.
Next, we define

PM—P{ min LY(W,) < 2h, Y§ }

Pri<2he. ( , (3.7)

®; = 16¢, %, j>1.
By equation (3.6), there exists ny > n; so large that for all n > na,
P < P171 + 2e7 7", (39)

It suffices to properly estimate P ;; this is achieved by choosing the parameter
n in terms of h. Fix some v € (0,1) and choose

B log(1/h)
n=@1-v loglog(1/h)’

16



to see that for all h € (0, 1) small enough (how small depends on 7),

log®(1/h) \ _  —m
1og10g<1/h>> €™,

where K is an uninteresting positive and finite constant. In light of equation

(3.9), for all h € (0, 1) sufficiently small, P; is bounded above by 3e~7", which

equals 3 exp{—y(1—v)log(1/h)/loglog(1/h)}. The Theorem easily follows from

this and equations (3.5), (3.7), and (3.9), by choosing ¢ > 4, since v and v can
1

be chosen arbitrarily close to 5 and 0, respectively. a

Piq <exp (—K

Having verified Theorem 3.3, we are ready to prove the difficult half of The-
orem 3.1.

Proof of Theorem 3.1: Lower Bound Theorem 3.3 and scaling, together,
show us that for all v € (0, %) and all k € (0, %), there exists nz such that for
all n > ng,

2-n<u<2-ntl 1<u<2

< oxp (—lon(2) (3 -+ ol1)) ).

logn

P{ inf  LY(W,) < 2"**} = P{ inf LY(W,) < 2—"@—*@)}

where o(1) is Landau’s notation, and goes to 0 as n — oco. Since this sums, the
Borel-Cantelli lemma shows that almost surely,

inf LY(W,,) > 2,

2-n<u<2-n+l

eventually. We complete the lower bound by a standard monotonicity argument.
Namely, if » € [277, 27 H]

LY(Wy,) > 2_n<irif2_n+1 LY(W,) > 2m, eventually, a.s.
>h7"r

Since & € (0, %) is arbitrary, this shows that

o 1 0
m [ i W >
I}LH%)I‘*I’f log(1/h) log Li(W.)

which is the desired lower bound. O

1
5, a.s.,

The corresponding upper bound relies on the following large deviations re-
sult, which is a consequence of [14, Theorem 4.1] in its present formulation:

Lemma 3.14 (Lacey, 1990) As z — oo,

1
2 logP{ sup LI(W,) > x} - =3

u€(1,2]
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The remainder of Theorem 3.1 follows the given argument for the lower bound
closely, except that Lemma 3.14 is used in place of Theorem 3.3. g

We close this section with our

Proof of Theorem 3.6 We will derive this by establishing an upper and a
lower bound, respectively. According to [2, Theorem 2.1],

22
P{supL‘f(Wﬂ < h} —exp{—ﬁ(l—l—o(l))}, h— 0T, (3.10)
a€R
since W is standard Brownian motion. For our lower bound, we need only note

that

P{ inf sup L{(W,) < h} >P {supL‘f(Wl) < h} , h > 0. (3.11)
1Sus2 qer a€R

On the other hand, for any finite set F' C [1,2],

P< inf sup L{(W,) < h}
{K“QGGR 1 (3.12)
<P { inf sup L§(W,,) < h + h2} +P {w(F) > h2} ,
"eFaER
where
w(F) = sup sup|L{(Wy)— L{(Wy)|.
u,veF: a€R
uFv

Now we choose F' as (the closest possible candidate to) an equipartition of [1, 2]
of mesh h'9%0, Clearly, the cardinality of F is bounded above by I'h~1090 for
some absolute I' > 0. Thus, thanks to (3.10) and scaling, we can bound, from
the above, the first term on the right-hand side of equation (3.12) by

Th= 19 sup P {sup Li(W,) < h+ h2}
u€(1,2] a€R

=Th 1% gup P {sup uwV2LA(W) < h + h2}
uell,2]  laer

=Th 190 exp {—(1 + 0(1))2j12h72}
=exp {—(1+0(1))27h?}. (3.13)
On the other hand, by Lemma 3.12, for all p > 1,
HW(F)H;ZP(P) < DPp!{h'* log(1/h)}*/*,

where D is a universal constant. In particular,

A=sup B [e"p <2{h100£:g(5)/h>}1/4>} =
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This yields the following bound on the second term on the right-hand side of
(3.12):

D
Pl{w(F)>h%} < Aexp | —
{ ( )— }— p( 2h998/410g1/4(1/h)>

<exp{—(1+0(1)2j7h %} .

Together with (3.13) and (3.12), we can see that (3.11) is sharp at a logarithmic
scale. This completes our proof. a

4 Applications

In this section we explore two applications of Theorems 3.1 and 3.3. In partic-
ular, we present in turn:

1. an estimate for the capacity of paths in Wiener space that have small local
times; and

2. a uniform ratio ergodic theorem.

These will be discussed, in order, in the proceeding subsections.

4.1 A Capacity Estimate

Define the Ornstein-Uhlenbeck process on Wiener space O, (t) = e~ */>Weu(t).
The process O,, also has local times at 0. In fact,

Lemma 4.1 The random field O has continuous local times along lines given
by
L¥(0y) = exp(u/2) L2 (W,.),  z€R t>0, u>0.

Proof It suffices to show that for all bounded, measurable functions f : R — R,

[ 10u)as= [ 1@ explu/mrem N Wog)aa, w20,
0 — 00

which follows readily from the definition of the process O,, in terms of Brownian
sheet. O

Recall that O = {O,; u > 0} is a diffusion on the space C[0, 1] of real con-
tinuous functions on [0, 1] endowed with the compact-open topology. Moreover,
by Hunt’s theorem, the hitting probabilities of O killed at rate one determine a
natural Choquet capacity Cap on the classical Wiener space C[0, 1]. This connec-
tion to capacities has received some attention in infinite-dimensional stochastic
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analysis, and a formal definition of the said capacity can be given as follows:
For all measurable A C C[0, 1],

[e.e]
Cap(A) = / ¢ 'P{3ue [0,1]: O, € A}dt.
0
Theorem 3.3 has the following ready capacitary translation.

Corollary 4.2 If Cap denotes capacity in the classical Wiener space, then

. loglog(1/h)
limsup —————=
ot log(1/h)

Proof Define the incomplete 1-capacity Cap; for the OU-process as

“log Cap {X € C[0,1]: LY(X) <h} < _%.

Capy(A) =P{3ue[0,1]: O, € A},

for all measurable A C C]0,1]. According to [4, Lemma 2.2], there exists a
finite K > 1 such that for all measurable A C C[0,1], K ~'Cap,(A) < Cap(4) <
KCap;y(A). Thus, it suffices to prove our result with Cap replaced by Cap;.

By its definition, the above incomplete 1-capacity equals

P{ inf L9(0,) < h} :P{ inf o'2LY(W,) < h}

0<u<l1 1<v<e

IN

P{ inf L?(WU)<h}

1<v<e

IN

P{ inf LY(W,) < h}

1<v<2

+P{ inf LY(W,) < h}.
2<v<e

We have used Lemma 4.1 in the above. By scaling,

P{ inf LY(W,) < h} = P{ inf LO(W,) < 2”%} :
2<v< 1<v<e/2
Thus,

Cap, {X € C[0,1]: LY(X) <h} <2P {KirvlfQL(f(Wv) < 21/2h} .

The corollary easily follows from Theorem 3.3, since v € (0, %) is otherwise
arbitrary. O
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4.2 A Uniform Ratio Ergodic Theorem

The ratio ergodic theorem for Brownian motion states that for all f € £2(dx)
and for each fixed u € [1, 2],

) 1 t _ 00 .
tlirglom/o F(Wa(s)) ds 7/700 f(v)dv, a.s.; (4.1)

see, for example, [7]. As a consequence of this, one obtains the more famil-
iar form of the ratio ergodic theorem that states that for f,g € £2(dx) with

Joo 9(w) dv £ 0,

fo (Wau(s))ds 2 fv)dv
A JegWu(s))ds [ oo 9(v)dv
It is instructive to consider the following quick derivation of the above. (More

details will be supplied in the course of our proof of Theorem 4.3 below.) Let
t — 7,(t) denote the inverse to t — L2(W,,). That is,

a.s.

<

Tu(t) =inf {s > 0: LIW,) > t}, t>0. (4.2)

Then, by the strong Markov property, t — fT“(t f(Wu(s)) ds is a Lévy process.

Thus, (4.1) follows at once from Kolmogorov’s law of large numbers, once we

verify that the mean of fOT”(t) f(Wu(s)) ds exists and equals t-ffooo f(v)dv. On
the other hand, by the occupation density formula (equation (2.2)),

Tu(t) S
o [ stwnas - [ om0

which equals ¢ - ffo f(v) dv, since standard methods of excursion theory show
that E{L“’ (t) (Wy )} = t; for instance, see Lemma 4.4 below. This argument is
a streamlined modification of the classical methods of [16].

As an application of Theorem 3.1, we propose to show that under a slightly
more stringent condition than f € £2(dz), the ratio ergodic theorem (4.1) holds

uniformly in u € [1,2]. This is closely-related to the quasi-sure ergodic theorem
of [5].

Theorem 4.3 If f € LY({1 + |z|}dx), then with probability one,

1 ¢ 00
W/o fF(Wu(s)) dS—/_OOf(v)dv =

Theorem 4.3 is proved in a few stages using some of the methods and calcu-
lations of [11].

lim sup
=00 4e(1,2]

Lemma 4.4 For any u >0, and for all x € R, E{LT ,,(Wy) | Wu(0) =0} =
t. Mareover E{LT (0 W) ‘ Wu(0) = z} = 2Jzju™t, if T,(0) = inf{s >
0: Wy(s)=0}.
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Proof By Brownian scaling, if u > 0 is held fixed, the stochastic process

(o

1/2

(W), Ta(0), 7 (ru?)) ; 75,6 > 0, a € R}
has the same finite dimensional distributions as the process

{(W1(t), LE(Wy), Ty (0), 7y (r)) 5 7,8,t >0, a € R, u>0}.
From this one gathers that

Bo { L2 (W)} = u™ PE{ LR () [ wa(0) = 0} (43)

B, {Lf, o W) } = u  PE{ L5 00) [ W 0) = 2u2) (4)

for all w > 0, where P, and E, are the conditional probability measure and
the expectation integral given W, (0) = x for the u in question. To be more
precise, we should write P, ., but this would confound the notation more than
our present admittedly relaxed notation. Thus, the problem is reduced to one
about the standard Brownian motion Wj.

Since the second calculation is needed to make the first, we start with it.
Without loss of generality, we assume x > 0 and use Tanaka’s formula in the
following form:

- 1
(Wl(t) —J)) ZMt—f— §Lf(W1), Px — a.Ss.,

where M; = fg 1{Wi(r) < =} Wi(dr). Replace t by T1(0) An, and let n — oo to
see that the left-hand side remains in [0, 2] and hence, by the optional stopping
theorem, and by the bounded convergence theorem, for all > 0,

1

This, used in conjunction with (4.4), implies the second assertion of our lemma.
To verify the first one, we use excursion theory, still assuming that x > 0
(without loss of generality). Let D, denote the number of downcrossings of
the interval [0, z] made by s — Wi(s) while s € [0,71(¢)]. By Itd’s excursion
theory, D, is a Poisson random variable with Eo{D,} equaling the reciprocal of
Ex{L%(O)(Wl)} = 2|z|, thanks to the previous calculation. Also by excursion
theory, under Po, L7 (0)(W1) is the sum of D, many exponential random vari-
ables each of which has the same law as the P,-law of L7, 0) (W1). Finally, these
exponential random variables, together with D, , are all mutually independent.
The lemma follows readily from these observations used in conjunction with
equation (4.3). O

Lemma 4.5 For every integer k > 1, every u > 0, and all x € R,

k k
}gk!Q’“{l—km} .
u

B{ |22, (%)
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Proof By scaling, we can reduce to the u = 1 case; see the argument leading
to (4.3) for instance. Keeping this in mind, and applying the strong Markov
property to the first hitting time of x, we can see that

o

We have used the additivity property of local times. On the other hand, under
P,

k

Lflu)(Wl)‘k} : (4.5)

Lil(l)(Wl) = L%(o)(wl) + Lfl(l)—Tl(o)(Wl) © 07, (0)

where 0 is the shift functional on the paths of Wj. In particular, it follows
immediately from this that

L7 1y (Wh) < L () (Wh) + L7, (1) (W1) 0 O, (o), Py-a.s.
Thanks to Lemma 4.4, this gives
E, {L;g(l)(wl)} <1420z < 2{1 + |z]}. (4.6)

In light of equation (4.5), it suffices to show the following type of hypercontrac-
tivity: For all k > 1,

r {

But this follows from [12, Lemma (A.2)], since by the strong Markov property,
L7 1y(W1) is NBU (New Better than Used) under the measure P,. That is, for
all a,b >0,

k

B W] < m e {57,0,000)]

P, {Lfl(l)(Wl) >a+ b} <P, {Lfl(l)(Wl) > a} P, {Lfl(l)(Wl) > b} .

This is proved in a similar manner as (4.5) was, and completes our proof. For
a similar inequality see [12, Lemma (A.4)]. O

Lemma 4.6 For anyv > 0 and for all o > 4(1+v), there exists a finite c,, >0
such that for all t > e°,

logt
P < su su L? Wy) — LE W) >t7" p <exp (—c ,,,7> .
xeg u,vE[Il),Q]: “(t)( ) ”(t)( ) " loglog t
lu—v|<t™¢

Proof Note that for any s,t > 0,

sup 7, (t) <s, <= inf LY(W,) >t
u€l1,2] u€(1,2]
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We use this with s = 27 where 7 is a small positive number (to be chosen
shortly), in order to deduce the following:

PJsup sup ‘qu(t)(Wu) =L W) =t7
z€R w,ve(l,2]:
fu—v] <t

<P{ inf LY., (W,) <t
= {uelf[llg] t2+n( )7 }+

+P ¢ sup sup sup [Lg(Wu)— LI(Wo)| = t7
u,we[l,2): TER 0L s<t2+n
lu—v|<t™°

:P1+P27

using obvious notation. By Theorem 3.3 and by scaling,

nlogt
P < —_
! _exp( 410g10gt) ’

as long as n < % On the other hand, by combining Lemma 3.12 with Cheby-
shev’s inequality, we can see that for any integer k > 1,

P < ngk/4t(2+n)k/2t—gk/4tkv logk/4 L.

Thus, as long as we choose 7 strictly between 0 and the minimum of % and
1(0 — 4 — 4v), it follows that P, = o(Py) as t — oo, from which the lemma

follows. O

Before presenting our proof of Theorem 4.3 we will need to develop one final
technical estimate. Roughly speaking, it states that if 4 and v are close, so are
Tu(t) and 7,(t), and with overwhelming probability. However, since the latter
are jump processes, we need to “smudge” time (i.e., the variable t) a little bit
in order for such a statement to actually hold. This amounts to tightness in
an appropriately chosen Skorohod topology (for weak convergence of random
functions with jumps), and a formal statement follows.

Lemma 4.7 For all n > 0 and o > 4(1 + p), there exists a finite constant
dg,; > 0 such that for all t > e®,

P{3u,ve1,2]: lu—v| <t 7 (t) > m(t+t")}

logt
< —d, ,—— .
= exp ( " log logt>
Proof To expedite the presentation, we fix some v € (u,00) such that o >
4(1 4 v), and define two events E; and F; as

Et = qWw: sup ‘L?'v(t+t_/")(WU) - L?-v(t+t_/")(W’U) < t—v
u,v€([1,2]:
lu—v]<t=e
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Fo={w: Vu,ve[1,2]: [u—v| <t 7(t) <m(t+tH)}.
We claim that for all £ > e€,
P{E:} < P{F:}. (4.7)

This follows from the continuity of local times. Indeed, if (4.7) were false for
some t > e¢, on E,NFE, we could always find u, v € [1,2] such that |u—v| < 7€,
and

t =Ly iy (W) = LY (1o (Wa) 2 L2 (g (W) =77 =t 7 =7,

Since this contradicts our choice of yu < v, by (4.7), P{FF} < P{EL}, and our
lemma follows from this and Lemma 4.6. O

We are ready to present our

Proof of Theorem 4.3 By considering f* and f~ separately, we may assume,
without any loss in generality, that f is a nonnegative function. This assumption
will be tacitly made throughout.

For each u € [1,2], define

By the strong Markov property, the process {S%; n > 1} is a random walk for
each fixed u € [1,2]. Now we hold such a u fixed, and proceed to estimate the
moments of the increments of the corresponding walk n +— Sy, First, to the
mean: By Lemma 4.4, for all u € [1,2],

E{S{} = /O:O f(z)de. (4.8)

We have used the following consequence of the occupation density formula (cf.
equation (2.2)):

si= [ 1@z )

To estimate the higher moments, we use the occupation density formula once
more, this time in conjunction with Lemma 4.5 and Minkowski’s inequality, to
see that for all k£ > 1,

dz
LFk(P)

Ity < [ s |

LT 1y(Wu)

< z(k!)l/k/ F@) {1+ |2} da.
In particular, for all £ > 1 and all u € [1,2],

ISEIN Tk py < B 25NN (14 ]yt (4.9)
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This, (4.8), and Rosenthal’s inequality ([6]), all used in conjunction, give us the
following: For each k > 1, there exists a (universal) finite constant Ay > 0 such
that for all w € [1,2] all n > 1, and all k > 1,

E < max
1<i<n

Next we choose and hold fixed 1 > 0 and ¢ > 4(1 + p), in agreement with the
conditions of Lemma 4.7. We also introduce the following equipartition of [1, 2]
of mesh n~¢:

S?—z/j;f(x)dx

k
} < Apn®/?. (4.10)

GQ(n)z{l—l—jn_@;OgjgnQ}, n > 1.
We need to introduce four more parameters as follows:
1 1,1
v>0, R>1, §<5<1, k>g(5—§) . (4.11)

The remainder of our proof concerns monotonicity arguments used in conjunc-
tion with the Borel-Cantelli lemma. By Chebyshev’s inequality, equation (4.10),
and using the fact that #6&,(m) < (1 + m?),

ZP{Hu € 6,(R"): max |[S} —i/oo f(w) dw‘ > R‘s"}

1<i<Rn

< ALY (14 RUOROTDI,
which is finite by (4.11). Thus, the Borel-Cantelli lemma assures us of the
existence of a finite random variable N; such that a.s. for all n > Ny,

max < R, (4.12)

uES, (R™)

/OTUV(R”) f(Wu(r))dr — R" /_Z f(w)dw

Similarly, Lemma 4.7 and a Borel-Cantelli argument, together imply the exis-
tence of a finite random variable Ny such that a.s. for all n > Ny,

Vu,v € [1,2]: Ju—v] <R, 7,(R" Y <1, (R") < 7o (R").  (4.13)

Finally, another Borel-Cantelli argument, this time involving Lemma 4.6, shows
the existence of a finite random variable N3 such that a.s. for all n > N3,

sup sup <R™. (4.14)
z€R  w,we(l,2]:

lu—v|<R™™e

LT (rmy(Wu) = LT (gny(Wo)

Let N = maxi<i<3 NN; to see from (4.12) that for all n > N and u € §,(R"),

00 Tu(R™)
R" dw — RO" W (r)) d
/mf(w) v é/o ffx) () ar (4.15)
< R" f(w) dw + RO™.

— 00

26



On the other hand, if we choose an arbitrary v € [1,2] we can always find
u € 6,(R™) such that |u —v] < R7¢". Thus, by (4.13), for any such v € [1, 2],
and for all n > N,

7o (R™) Tu(R™Y)
[ smenass [T s as

0
= f(x)qu(RnH) (W) dz
< [ @1 W) o+ B [ fw)du

T,u(Rﬂ'+1) 0o
= / f(Wy(s))ds+R™™ / f(w) dw.
0 —0o

We have used equation (4.14) in the penultimate line. Consequently, equation
(4.15) implies that a.s. for all v € [1,2] and all n > N,

Ty (R™) oo
[ rwe)ar<mrtemy [ pw)de s R
0 —00
A similar lower bound ensues analogously from which it follows that a.s. as
n — 0o,

/OTU(RW) f(Wv(r)) dr — R" /C: flw)dw

sup
1<v<2

< (R — R”)/ F(w)dw + o R™).
Consequently, a.s.,

lim sup

n—oo

R / " ) ar - / Z f(w) duw

<@-1 [ jwan

By sandwiching ¢ € [R", R"*1] and appealing to yet another monotonicity ar-
gument we can deduce that

2-R [* 1 @D
— /_Oo f(w)dw < liminf T /0 f(Wv(r)) dr

n—00

t—oo

1 Ty (t)
< lim inf 7 / F(Wy(r)) dr
0

1 T1,(t)
< lim sup n / f(Wv (r)) dr
0

t—o0
1 7_“(R7L+1)
< limsup izt f(Wy(r)) dr

n—oo

<R’ /OO f(w) dw,

27



where the convergences, as well as the inequalities, hold uniformly over all v €
[1,2]. Since R > 1 is arbitrary (cf. (4.11)), we can let R | 1 along a rational
sequence to see that with probability one,

lim sup =0.

=0 4e1,2]

1 Tv(t)f(Wv(r)) ar— [ flwydw
2 .

A final monotonicity argument used together with Corollary 3.5 concludes our
proof. O

Remarks (a) The above demonstration makes very heavy use of the notion of
monotonocity which is known to be a key idea in classical ergodic theory as
well. In particular, see [8] and its standard-analysis interpretation by [9].

(b) In the above proof we used the £({1 + |z|}dz) condition to show that the
random walk n — S has finite moments of all order; for instance, see equation
(4.9). While this may seem extravagant, we now argue that in most interesting
cases, the mentioned random walk has finite moments of all orders if and only
if it has a finite variance. Moreover, in such cases, the condition that f €
LY({1+]z|}dz) is equivalent to the finiteness of the variance of each such random
walk. Indeed, suppose f > 0, and without loss of generality v = 1. Then, W;
is standard Brownian motion, and we claim that x; = OTl(l) f(W1 (r)) dr has
a finite variance if and only if f € £'({1 + |z|}dz). To show this we begin
by recalling that x; = ffooo f(x)Lfl(l)(Wl)dx. Hence, thanks to Lebesgue’s
monotone convergence theorem, the following always holds.

E{x7} —/O; /O; F@)f(y) E{Lfl(l)(wl)Lgl(l)(Wl)} dz dy.

While there are various ways of computing this “energy integral,” perhaps the
most elegant one uses the Ray—Knight theorem; cf. [19, Ch. XI]. Namely, we
recall that if Z, = L7 ,(W1) (z € R), then (i) {Z;; # > 0} and {Z_5; = > 0}
are independent copies of one another; and (ii) {Z,; = > 0} is a squared Bessel
process of dimension 0, starting at 1. In other words, {Z,; « > 0} solves the
SDE Z, = 1+2 [ \/Zsdps, (x > 0), where 3 is a standard Brownian motion.
From this it follows readily that for all z € R, E{Z,} =1 (cf. also Lemma 4.4),
e L A(fa] A ). if 2y >0
_ +4(|z| A ly|), ifxzy >0,
B{z.2,} = { 1, otherwise.

Thus, whenever f > 0, then xs has two finite moments if and only if f €
L1({1 + |z|}dx) in which case it has all finite moments thanks to Lemma 4.5.
In this regard, see also equation (4.9).

(c) With very little extra effort it is possible to extend Theorem 4.3 to cover more
general “continuous additive functionals” (CAFs). Consider a signed measure
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1 on R, and the parametrized CAFs,
[e.e]
()= [ LW ulde).
—00

Then, our proof of Theorem 4.3 goes through with no essential changes to show
that as long as (i) /7 {1 + |z[} |p/(dz) < +oo; and (ii) [u|(R) < oo with
probability one, then

R (1)
LY (W)

lim sup
t—00 e(1,2]

- u(®)| <o
As an example of its use, we mention the choice of A¥(t) = L¢(W,,), in which
case we obtain the following: For each a € R,

Ly (W)
L(Wa)

lim sup
=20 ue(1,2)

- 1‘ =0, (4.16)

almost surely. a

5 Concluding Remarks and Open Problems

We conclude this paper with some remarks and a few open problems that we
have been unable to resolve. These problem are potentially difficult, but we
believe that their resolution is well worth the effort:

1. With regards to our results on the modulus of continuity of local times
along lines, we mention two difficult open problems. Since there are very
few methods for analyzing u +— L{(W,,), the resolution of the following
would invariably require a better understanding of u +— L{(W,,), which
is a non-Dirichlet, non-semimartingale, non-Markov process with a very
complicated evolution structure:

(a) Are there corresponding lower bounds to the upper bound in Theo-
rem 2.17

(b) Can the limsup be replaced by a true limit?

2. Although in this article we have no practical need for discussing lower
bounds that correspond to Theorem 3.3, let us mention a few words on
this topic for the sake of completeness. Recall that L(W7) is standard
Brownian local time at 0 by time 1 which, by Lévy’s theorem, has the
same distribution as |W;(1)]; cf. [19]. The explicit form of the probability
density function of the latter random variable easily yields

. 2
P{1<12f<2L(1)(Wu)<h} > (1—1—0(1))\/; h, ash — 0%,
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There is an obvious gap between this simple estimate and the inequal-
ity of Theorem 3.3. To illustrate this, we conclude this remark with
an open problem: “Does the decay rate of the distribution function of
infy<y<2 LY(Wy) near 0 satisfy a power law?” In other words, does the
following exist as a positive and finite constant:

1 P
< ?
logP{1%%1;2 L} (W) < h}

A=l
hi%l-%- log h

If so, what is the numerical value of A?

. Can the condition of Theorem 4.3 be reduced to f € £2(dx), or are there
counterexamples for the sole condition of £2(dz)? It should be pointed
out that if the limit and the supremum are interchanged, then the main
result of [5] implies the existence of a ratio ergodic theorem only under the
condition that f € £2(dx). Nevertheless, it should be pointed out that
the £1({1 + |z|}dx) condition is a very natural one; see the Remarks at
the end of §4.2.

. In the context of equation (4.16), consider the process a — R;(a), which
is defined by
Ly (W)

a+— Su —_—
P | Z0(W,)

uw€[1,2]

_1'.

Is there a normalization oy < ag < -+ - < @, — oo such that a — a, Ry, (a)
has a nontrivial limiting law as n — oo? For some related works, see
[1, 3, 23].
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